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TPR values. The resulting Roc plot depicts relative trade-offs between true posi-
tive predictions and false positive prediction across different parameter values; see
Fig. 5.23 for an illustration. An alternative plot is the recall precision plot obtained
by plotting TPR versus PPV values.
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Figure 5.23 Two dimensional Roc space obtained by plotting FPR versus TPR values.

Examples of gold standard networks We give two examples of gold standard net-
works that can be used for benchmark testing of reverse engineering methods.
Further discussion on generation of gold standard networks can be found later in
Section 6.3.3.1.

(�i�) Gene regulatory networks with external perturbations can be generated from
the differential equation models using the software package in [61].

(�i�i�) Time courses can be generated from the Boolean model of network of segment
polarity genes involved in pattern formation in the Drosophila melanogaster embryo.
This model was proposed by Albert and Othmer [7]; the network for each cell has
15 nodes.
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EXERCISES

5.1 Suppose that your data suggests that Protein A inhibits the transcription of
the RNA that codes Protein B, whereas Protein B in turn enhances the production


